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Research on RSS( Received Signal Strength) Positioning Method
When Mobile Terminals Are Different

Zhang Wei Li Wentao Wang Li

The Key Laboratory of Contemporary Design and Integrated Manufacturing Technology
( Northwestern Polytechnical University Xi“an 710072 China

Abstract: Traditional positioning algorithms based on RSS reckon on the assumption that the mobile terminals used
for offdine training and real4ime positioning behave identically; this leads to significantly low localization accuracy.

The objective of this paper is to investigate the positioning methods for variance in RSS with different WLAN capa—
ble mobile devices. Two positioning algorithms are considered: RSSD ( RSS Difference) and RSALS( Real-time
Self Adaptive Learning Standardization) . And also this paper presents an experiment made in a real indoor WLAN
environment and the results and their analysis verify the feasibility and validity of the proposed algorithms. The ex—
perimental results and their analysis indicate preliminarily that RSALS and RSSD are still effective without mobile
device diversity; the results can be explained as being due to partial offset of the positioning accuracy impact of the

environmental change.

Key words: algorithms antennas experiments least squares approximations linear regression  MATLAB maxi—
mum likelihood estimation wireless local area networks( WLAN) ; location fingerprinting RSS( Re—
ceived Signal Strength) RSS Difference RSALS( Real+time Self Adaptive Learning Standardization)



