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Modulation recognition algorithm based on mixed
attention prototype network

PANG Yiqiong, XU Hua, JIANG Lei, SHI Yunhao, PENG Xiang

(Information and Navigation College, Air Force Engineering University, Xi'an 710077, China)

Abstract; A modulation recognition algorithm based on mixed attention prototype network is proposed to solve the
modulation recognition problem of communication signals with very few labeled samples. Combining the ideas of me-
ta learning and metric learning, the algorithm maps the signal to a new feature metric space by feature extraction
module in the prototype network framework and determines the modulation pattern of the query signal by comparing
the distance between each prototype and the query signal in the space. According to the time sequence characteris-
tics of communication signal I1Q) components, a feature extraction module is designed which is cascated by the conv-
olutional neural network and long-short term memory network, and the convolutional attention mechanism is intro-
duced to improve the weight of key features. The training strategy based on Episode is used to generalize the algo-
rithm to new signal recognition tasks. The simulation results show that the average recognition rate of the present

algorithm can reach 85.68% when there are only 5 labeled samples (5-way 5-shot) for each type of signal.

Keywords: modulation recognition; prototype network ; meta learning; metric learning
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