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Cooperative Task Assignment for Multiple Fighters
Using Improved MOSFLA Algorithm
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Abstract: The multidfighter cooperative task assignment problem is a multi-constrained combinatorial optimization
problem. In order to solve this problem a multi-ebjective shuffled frog-deaping algorithm (MOSFLA) based on ma—
trix binary encoding is proposed. First of all it establishes a multi-objective optimization model of task assignment
by using the target residual value the damages of fighters and the voyage costs. Then to ensure the feasibility of so—
lutions produced in the update process and to ensure the global convergence capability of the improved algorithm it
improves the individual position update strategy of shuffled frogdeaping algorithm. Finally it uses the improved al—
gorithm to obtain the Pareto optimal solutions in air-to-ground attack mission assignment problem. Simulation results
and their analysis show preliminarily that the improved algorithm can come in a variety of task assignment alterna—

tives in a short time simultaneously thus increasing the flexibility of the decision.

Key words: fighter aircraft binary encoding multi objective optimization cooperative task assignment Pareto

optimal solutions shuffled frog-eaping algorithm (SFLA)



